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Currently, Taiwan's academic group and industry have invested in the research
and development of smart homes, in which the common functions are combined
with the control of home devices in the mobile APP. Our project proposes an
innovative smart home environment concept, and implement a Taiwanese Hakka
language environment which is a first smart home with Hakka speech recognition.
Users can control various devices in the home environment through the voice of
the Hakka language, including: gate access control, 3C home appliances, and
robotic companion robot, accompany the Hakka elderly to talk, or assist them to
handle simple matters in the living environment.

The project host has been engaged in the study of Hakka language processing,
history and culture for many years, and can use the existing professional strengths
to combine the needs of the current society. The core of this project is the
intelligent system of speech recognition of the Hakka language. It can construct a
“Taiwan Hakka Smart House” that combines the Internet of Things and big data
with the whole Taiwan, and gradually develops the highlights with Hakka
characteristics.

Keywords: Al, Deeping Learning, Hakka Speech Recognition, Smart home,
Internet of Things.
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